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Summary

• Fact: Large black-white gap in 
direct car loan interest rates

• Question: What model of 
discrimination can explain these 
results in this market?

• Data: CFPB markup data
• Strategy: Model-implied tests
• Findings: Discrimination mostly 

taste-based
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Outline of Comments

1. Differentiation with/complementing of literature

2. “Unequal observables”

3. Mapping of statistical tests to models
a. Search model as distinct mechanism
b. Validate statistical discrimination signals with take-up
c. Identification: prejudice measures not exogenous
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1. Connection to Literature
• Missing modern literature testing difference between statistical and taste-based 

discrimination
• Bohren et al. (2019 AER) “The Dynamics of Discrimination: Theory and Evidence”
• Dobbie et al. (2021 ReStud) “Measuring Bias in Consumer Lending”
• Giacoletti et al. (2021 WP) “Using High-Frequency Evaluations to Estimate Discrimination…”

• Missing literature on direct car-loan markups
• Busse and Silva-Risso (2010 AER P&P) “‘One Discriminatory Rent’ or ‘Double Jeopardy’: 

Multicomponent Negotiation for New Car Purchases”
• Butler et al. (2019 WP) “Racial Discrimination in the Auto Loan Market”

• Suggestions: acknowledge modern work, make differentiation clearer with Butler et 
al., demonstrate comparative advantage of data, demonstrate ability of data to detect 
statistical discrimination
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2. “Unequal Observables”
• Is the right measure of across-group disparities conditional or 
unconditional on observables?
• Depends on the question. Unconditional disparities problematic, too.
• If controlling for X closes some of a racial gap in outcomes, does that 

mean that the racial gap is “actually” smaller? Those differences in Xs
came from somewhere, too… tricky issue for industry + policy + research
• More broadly, important to acknowledge that the distinction between 

taste-based and statistical discrimination is often tenuous and stressing 
the importance of the distinction can be problematic
• Suggestions for us all: Read Spriggs (2020), don’t take for granted that 

conditional gaps are what matter, dig into unequal Xs, always pinpoint 
different policy implications of statistical and taste-based discrimination

6



7https://www.minneapolisfed.org/~/media/assets/people/william-spriggs/spriggs-letter_0609_b.pdf?la=en

 
 

 
   1 

DEPARTMENT OF ECONOMICS 

 
 

 
 

 

 

Is now a teachable moment for economists? 
An open letter to economists from Bill Spriggs 

 
The views expressed here do not reflect those of the Federal Reserve Bank of Minneapolis or the Board of Governors of the Federal Reserve System. 

 
 

 

Dear colleagues, 

I have been warmed by the opening of the hearts of some economists who have displayed a new, 
and renewed, sense of angst about the racial issues our nation confronts because recent events have 
moved them. Watching the gut-wrenching brutal murder of George Floyd has gotten them to think 
about the bigger issue of what is really wrong, because their training as economists has let them 
silently accept lots of “givens” they now understand should not be presumed, and that “givens” do, 
in fact, matter. Having come to the realization that one cannot simply assume that all police are 
there to serve and protect is wrong. Watching the other three police officers sit by and do nothing 
about the murder means you have to question other assumptions too. But I am not sure if this 
moment has gotten to economists enough to see their role as economists in perpetuating the very 
things they wish to recoil from. 

Modern economics has a deep and painful set of roots that too few economists acknowledge. The 
founding leadership of the American Economic Association deeply and fervently provided 
“scientific” succor to the American eugenicists’ movement. Their concept of race and human 
interaction was based on the “racial” superiority of White, Anglo-Saxon Protestants. And they 
launched modern economics with a definition of race that fully incorporated the assumed 
superiority of that group and bought into a notion of race as an exogenous variable. The 
overwhelming majority of explorations of racial disparities in economic outcomes remains deeply 
tied to that view of race as an exogenous variable. In the hands of far too many economists, it 
remains with the assumption that African Americans are inferior until proven otherwise. And, in 
this regard, it places economists alone outside the mainstream of all other American social 
sciences. It is the constant micro-aggression that African American economists endure at every 
meeting, and in reading every paper, and in reading every reviewer’s comments. 

Economists play a key role in shaping policy. We are viewed as the objective scientists, with the 
tools to identify solutions; presumably absent “passion.” But if you start with a model that has race 
as exogenous, racial differences cannot be objectively approached. The model begins with a fallacy 
that assumes racial differences as a natural order. It biases the model, because there is a built-in 
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3a. Is the search model a distinct explanation?
• Framing of paper is a horse race between three explanations

(that are acknowledged could overlap):
1. Taste-based discrimination
2. Statistical discrimination
3. Search: because of lower likelihood of approval/higher rates, black borrowers 

will accept higher markups because they expect having to search more otherwise

• Not clear that #3 is distinct. Could be caused by #1 or #2.
• More of an amplification mechanism of some underlying origin.
• More broadly, seems like necessary condition: lender heterogeneity can 

only affect borrowers if there are search costs! Cf. Argyle Nadauld Palmer 
(2020 RFS needing 2020 WP)
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3b. Dignified Test of Statistical Discrimination?
• Degree of difficulty for model is high since identification relies on model-

implied predictions. Joint hypothesis test. Illustrative model won’t do.
• Logic of test for statistical discrimination: black-white gap in willingness to 

pay a markup should be higher for high FICO people: ! diverges in FICO

• Could be the opposite. Or FICO/buy rate might not be a good predictor of 
WTP for a markup => could be a weak test
• To test statistical discrimination, need to find a strong enough signal that it 

could reasonably change the black-white gap.
• Need to believe demonstrate that FICO and buy rate are such signals
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In this framework, the s term in Equation 3 would be replaced by an expectation, such that

E[m̄i] = f(pi, E[�i|j], rk, ✏i,k), (A5)

or, ignoring the structure imposed by Equation A3,

E[m̄i] = f(si, j, ni, rk, ✏i,k). (A6)

To the extent that dealers expect the markup a buyer will tolerate to be inversely related to

that buyer’s financial sophistication (i.e. dE[m̄]
dE[�] < 0), this type of statistical discrimination could

lead to disparities for minority buyers relative to non-Hispanic White buyers, conditional on the

same signal of financial sophistication. This would result if

dE[�]

dsw
>

dE[�]

dsnw
, (A7)

which implies
dE[m̄]

dsw
>

dE[m̄]

dsnw
(A8)

(where w and nw indicate White and non-White). The disparities described in Equation A7 could

result if ↵n 6= ↵nw and/or if µ(�n) 6= µ(�nw). In the case where ↵nw < ↵w we would expect markups

for minority buyers more tightly distributed around their mean compared to White buyers with

similar signals. In the case where µ(�nw) < µ(�w) we would expect an average markup for minority

borrowers that is higher than for White borrowers who send the same signal. The former result

will be evaluated with suggestive, graphical evidence, while the latter result will form the basis of

the empirical test for statistical discrimination to follow.

It is important to note this is a somewhat simple form of statistical discrimination. Unlike in the

models tested in labor markets, there is no private learning about buyers over time, no opportunity

for more information to be signaled to the market over time by the buyers themselves, no self-

fulfilling stereotypes, etc.51 While this may seem like a limitation relative to the more complex

51See Cain (1986), Altonji and Blank (1999), and Lang and Lehmann (2012) for examples of the more complex

models.



Validating a Statistical Discrimination Signal

• Presumably, supervision of both underwriting and pricing?

• Data on approvals + originations = data on loan take-up

• Seems like all the action is at the max markup => estimate models of

Pr(accept max markup) = f(race, X, state prejudice, interactions)

• For FICO*black coefficient to be a useful test of statistical discrimination, 
show first that FICO*black is a strong predictor of markup WTP.
• Extreme example: eye color*black is observable. But not a useful text

• Would like to find a set of signals that predict black-white markup WTP

• Those are the signals that should capture some statistical discrimination
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3c. Racial prejudice measures not exogenous

• For local prejudice moments and black share of population to test 
taste-based discrimination, they need to not correlate with signals 
useful for price discrimination.
• Can use the statistical discrimination tests above to show that these 

factors are unrelated to state-level markup WTP
• If they are correlated, how do we know that prejudice moments are 

picking up variation in likely prevalence of taste-based discrimination 
vs. extra motivation to statistically discriminate?
• Multicollinearity of prejudice distribution moments muddies inference
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Conclusion

• Super cool data pulls curtains on very opaque, impt, expensive market
• Nice laboratory to think about discrimination models
• ∃ other nice laboratories => make distinction clear
• Search-based explanation seems necessary, amplifier not root cause
• Support the statistical discrimination tests with evidence from take-up 

regressions that these are the right signals to use in that test
• Check what % black and prejudice measures are related to

• Let us all think harder/deeper about statistical discrimination
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